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Abstract 

The world’s population is increasingly concentrated in cities. Research on urbanization’s 

implications for peace and security has been hampered by a lack of comparable data on political 

mobilization and violence at the city level across space and through time, however. Urban Social 

Disorder 3.0 is a detailed event dataset covering 186 national capitals and major urban centers 

from 1960-2014. It includes twelve types of non-violent and violent events, detailing the actors 

involved and their targets, start and end dates of each event, and the number of participants and 

deaths. We provide an overview of the main features of these data, and trends in urban social 

disorder across space and time. We demonstrate the utility of the dataset by analyzing the 

relationship between city size and the frequency of lethal disorder events. We find a positive 

relationship between city population and lethal urban social disorder, unlike previous studies. 

These new data raise promising avenues for future research on democratization; climate change 

and food security; and spillovers between different forms of mobilization and violence. 
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Introduction 

 

For the first time, more people now live in cities than in rural areas. By 2050, rural-urban 

migration in the developing world will take the global urbanization rate to over seventy percent 

(United Nations, 2018). While urbanization is generally linked with increasing living standards 

(World Bank, 2016), it is no longer synonymous with rapid economic growth, generating 

concerns about premature deindustrialization, poverty, and inequality (Gollin, Jedwab & 

Vollrath, 2016). Scholars are also critically reassessing the consequences of contemporary urban 

growth for democracy in the developing world (Glaeser & Steinberg, 2017; Post, 2018). 

 

As the world’s population becomes increasingly concentrated in urban areas, so too do political 

mobilization and violence. Unlike conventional forms of armed conflict, which have been in 

long-term decline (Pettersson & Öberg, 2020), urban social disorder is becoming more prevalent, 

and there is an upward trend in lethal urban violence (Bahgat, Buhaug & Urdal, 2018). This 

trend threatens to continue in future decades (Goldstone, 2010) and has attracted the attention of 

policymakers: The United Nations included urban security in both the 2015 Sustainable 

Development Goals and the 2016 Habitat New Urban Agenda. 

 

However, empirical research on urban mobilization and violence has been hampered by a lack of 

data with a broad geographic and temporal scope. Existing efforts to collect detailed information 

on conflict events, such as the Armed Conflict Location and Event Dataset (ACLED) (Raleigh et 

al., 2010); the Social Conflict Analysis Database, (SCAD) (Salehyan et al., 2012); the Uppsala 

Conflict Data Program’s Georeferenced Event Dataset (UCDP GED) (Sundberg & Melander, 

2013); and the Global Database on Events, Language, and Tone project (GDELT; 

www.gdeltproject.org) primarily cover the post-Cold War period and therefore cannot detect 

long-run changes in patterns of urban political mobilization and violence. Datasets with broader 

temporal scope, such as the Cross-National Time-Series Data Archive (Banks & Wilson, 2020) 

and the Nonviolent and Violent Campaigns and Outcomes Data Project (Chenoweth & Lewis, 

2013) do not provide detailed information on the location of individual events and capture only 

specific types of mobilization and violence. 
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This article introduces the global extension of the Urban Social Disorder 3.0 dataset (USD). USD 

is a detailed global event dataset covering 186 national capitals and major urban centers from 

1960-2014. We provide an overview of the main features of these data, and trends in urban social 

disorder across space and through time. We demonstrate the utility of the dataset by analyzing 

the relationship between city size and the frequency of lethal disorder events. Unlike previous 

analyses, we find a positive relationship between city population and lethal urban social disorder. 

We conclude by discussing promising new areas for empirical research on social disorder in 

global cities. 

 

Cities as a container for political mobilization and violence 

 

We define urban social disorder as non-routine political activity and political violence that 

occurs in cities. It includes episodic, non-violent mobilization such as strikes, protests, and 

demonstrations. It also includes violent political activity, such as terrorism and organized 

warfare, as well as incidents of political violence, such as assassinations. It excludes non-

political or routine collective action, for example mass demonstrations of grief or gang-related 

clashes, and routine violence like arrests, torture, and executions. 

 

Urban social disorder is characterized by four features that collectively distinguish it from other 

forms of political conflict: its scale, speed, salience, and scope. The demographic scale of 

political activity and mobilization potential in urban areas is much greater than most rural-based 

resistance. It is not unusual for strikes, protests or demonstrations to involve tens or even 

hundreds of thousands of citizens as participants. Civil wars, by contrast, are usually 

concentrated in the periphery of states and involve relatively small numbers of active participants 

(Fearon & Laitin, 2003). Terrorist groups typically have under one hundred members, and even 

fewer individuals are involved in specific attacks (Asal & Rethemeyer, 2008). 

 

Urban social disorder occurs at speed. The most important causal processes behind urban unrest 

are fast-moving triggers, while other forms of political contestation and violence are best 

explained by slow-moving trends. Dynamics of preference falsification and revelation lead to the 
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rapid escalation of protest where it is easy to share private information (Kuran, 1989). Because 

cities contain institutions and personal networks that facilitate information sharing, they also host 

large scale, rapid mobilization (Staniland, 2010). Recessions and food price shocks, for example, 

cause sudden outbreaks of social instability, such as demonstrations and riots in cities (Hendrix 

& Haggard, 2015; Thomson, 2019b). 

 

Urban areas and political contention in cities are salient. Cities, especially national capitals, are 

sites of state authority and public prominence. They attract contention by political actors as well 

as policing and repression by the state. Large cities contain powerful elites, and spatial proximity 

to power increases the potential effects of mobilization. The potential payoff to mobilization is 

much greater in cities, making unrest more likely and more intense. States respond to this 

likelihood of unrest in cities with attempts to suppress dissent. States police and monitor the 

urban population, and staunchly defend cities against insurgent attacks from the periphery 

(Glades & Glaeser, 1995: 198-199; Wallace, 2014: 29). Urban residents are privileged via 

policies that lower the cost of living and subsidize inputs for industry (Thomson, 2019b). 

 

Finally, the scope of urban political activity is broad, easily escalating to cross analytical 

boundaries between mobilization, terrorism, and warfare (Wood, 2015: 457). As political actors 

interact with the state and its coercive institutions, non-violent marches and demonstrations 

frequently escalate into violent rioting and clashes with police, for example. Opposition 

movements that face repression and political exclusion are likely to respond by turning to 

protests, bombings and assassination as a means of influencing the government. Political 

contention in cities, for example voicing demands for democracy, can provoke fighting in a 

broader civil conflict and even facilitate mobilization for inter-state war (Tarrow, 2015). To 

capture the scope of urban social disorder and the ways it spills over across multiple forms of 

contention and violence, it must be studied as a range of political activities which take place 

within the geographic container of the city (Raleigh, 2015a: 87-88). 

 

Urban social disorder 3.0: A brief overview 
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USD contains information on 13,324 urban social disorder events in 186 cities from 1960-2014. 

Cities included are primarily current or former national capitals with a population of over 

100,000 in 2014.1 This sample is supplemented by cities that were at least twice the size of the 

national capital in 2014, and a small number of very salient cities in large countries.2 An event 

was coded if it involved non-routine political activity or political violence directed against a 

political target (broadly understood as including different social or identity groups) and/or 

challenging political authority. Information about events was gathered from Keesing’s Record of 

World Events, which publishes annual, event-specific, and monthly summaries of significant 

political, economic and social news from around the world, based on a variety of news sources in 

multiple languages, with a broad temporal scope. Keesing’s provides a consistent, global data 

source on news events for the duration of the USD and draws on national, regional and 

international media sources. However, because it aggregates news reports at a monthly or higher 

frequency it does not include all relevant urban social disorder events and likely has a bias 

towards larger events covered by major news providers. Event inclusion could also be biased due 

to censorship or repression by authoritarian regimes, ignorance of remote geographic areas, or 

changes in communications technology through time. Nonetheless, we are confident that trends 

in social disorder in USD are representative of trends across cities and within cities through time. 

Previous comparisons with alternative datasets such as the Cross-National Time-Series Data 

Archive (Urdal & Hoelscher, 2012), ACLED and SCAD (Bahgat, Buhaug & Urdal, 2018) 

demonstrated that the frequency of events in USD is strongly correlated with that of other 

conflict datasets.  

To create USD, human coders searched the Keesing’s database for all reports containing each 

city name, including alternative names or spellings. Events were coded only if they took place 

within a city or its suburbs. Nationwide events were also coded for national capitals. Discrete 

events were distinguished when they involved different actors or targets, or when they were 

 
1 Capitals of smaller island-states or non-sovereign countries like the State of Palestine or Western Sahara were not 

included. For countries with multiple capitals, only those considered most important were included. The city 

population criteria were determined using the population of the broader urban agglomeration or region, as reported 

by the UN and other sources. 
2 Cities included in the first category include Auckland (New Zealand), Sydney (Australia), Lagos (Nigeria) and 

New York (USA). Cities in the latter category include Shanghai (China), Kolkata (India), and Los Angeles (USA). 

Users are free to exclude non-capital cities from their analyses if necessary and should be alert to possible bias 

arising from the dataset’s focus on the largest cities. 
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separated by a period of at least seven days. When individual events could not be distinguished, 

reports summarizing a collection of events over a period are recorded as one long event. 

Criminal or non-political events such as arrests were excluded, although this distinction was not 

always straightforward, for example with assassinations of public figures by unknown actors. 

These were coded unless specific information indicated they were non-political. 

USD distinguishes between twelve different types of social disorder events. When an event 

escalated, for example from a demonstration to a violent riot or government repression, it was 

coded at the highest level of severity. 

General Warfare: Distinct event related to a protracted, interactive, and violent conflict 

involving at least one organized, non-state actor group fighting with government 

authorities. Can be either over ethnic, political or economic issues. 

Inter-communal Warfare: Distinct event related to a protracted, interactive, and violent 

conflict involving at least two militant organizations representing a singular ethnic or 

religious identity group (i.e., non-state actor) fighting each other without (explicit) 

involvement of a government. 

Armed Battle/Clash: Distinct, continuous, and coordinated interaction involving 

opposing, organized armed forces representing government and/or group interests. 

Armed Attack: Distinct, continuous, and coordinated action staged by a singular, militant 

political or identity group against government authorities or institutions representing an 

“other” group. 

Pro-Government Terrorism (Repression): Distinct event related to a persistent, directed-

violence campaign waged primarily by government authorities, or by groups acting in 

explicit support of government authority, targeting individual, or “collective individual,” 

members of an alleged opposition group or movement. Limited to public acts of violence 

such as assassinations or massacres, does not include systematic violent practices like 

torture or non-violent acts like mass arrests or crackdowns. 
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Anti-Government Terrorism: Distinct event related to a persistent, directed-violence 

campaign waged primarily by a non-state group against government authorities or 

symbols of government authorities (e.g., transportation or other infrastructures). 

Communal Terrorism: Distinct event related to a persistent, directed-violence campaign 

waged primarily by a non-state group targeting individual, or “collective individual,” 

members of an alleged oppositional group or movement. 

Organized Violent Riot: Distinct, continuous, and coordinated action staged by members 

of a singular political or identity group and directed toward members of a distinct “other” 

group or government authorities. 

Spontaneous Violent Riot: Distinct, continuous, and uncoordinated action resulting from 

an originally non-violent protest and directed toward members of a distinct “other” group 

or government authorities. 

Organized Demonstration: Distinct, continuous, and coordinated largely peaceful action 

directed toward members of a distinct “other” group or government authorities. 

Pro-Government Demonstration: Distinct, continuous, and largely peaceful action in 

support of government. May be coordinated or uncoordinated. 

Spontaneous Demonstration: Distinct, continuous, and uncoordinated largely peaceful 

action directed toward members of a distinct “other” group or government authorities. 

Other: Reserved for rare events that do not fit into any of the above categories. 

Where possible, USD also details the actors involved in the unrest and their targets. While 

individuals and groups are frequently mentioned in reports, they are frequently described only in 

generic terms. USD also includes all available information on start and end dates of each event, 

the number of participants and deaths, and any details on the exact location within the city. Short 

summary texts on each event and links to the report allow researchers to build upon the USD 

coding and adapt the dataset to specific research questions. 

 

The initial Urban Social Disorder dataset had a limited geographical scope, covering 55 major 

cities in 49 Asian and Sub-Saharan African countries from 1960–2009 (Urdal & Hoelscher, 
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2012). It enabled an entirely new form of spatially disaggregated analysis3 by relating events 

specifically to a political and social unit – the city. Version 2.0 of the Urban Social Disorder 

dataset was supported by a working paper (Bahgat, Buhuag & Urdal, 2018), adding another 47 

urban centers in the Middle East, North Africa, and Latin America and extending the time series 

through 2014. The current version, covering 186 cities across all continents 1960-2014, allows 

for the first fully global analysis of patterns of urban social disorder, with 2014 being the last 

year of Keesing’s reports available at the time of data collection. 

 

Analyses of previous versions of USD found that hybrid political systems and weak economic 

growth are associated with urban social disorder (Urdal & Hoelscher, 2012). Civil conflict and 

government defeats in civil conflict were also robustly correlated with disorder (Buhaug & 

Urdal, 2013; Thomson, 2019a). Hendrix and Haggard (2015) found that high food prices are 

associated with urban social disorder, while Thomson (2019b) shows that policies moderating 

the price of food significantly affect this relationship. Østby (2016) found that inequality and 

social marginalization lead to urban violence, while Yeeles (2015) found that hotter temperatures 

cause unrest in cities. 

 

Figure 1 here 

 

Looking at the entire dataset, as depicted in Figure 1, throughout the 1960s-1980s there was a 

strong trend toward more frequent unrest.4 The mean monthly frequencies of all disorder events 

and lethal events were 10.78 and 2.6, respectively, in 1960, increasing to 24 and 9.8, 

respectively, in 1980. The 1990s brought a significant lull, with the frequencies of all events and 

lethal events declining by over 25% to 17.7 and 6.3, respectively, in 1999. However, after the 

early 2000s, the global prevalence of urban social disorder increased once more, by over 35% to 

26.7 total monthly events and 10.4 lethal monthly events, on average, in 2014. 

 

 
3 The data resource has informed a considerable body of studies of urbanization and social disorder. At the time of 

writing, the data article (Urdal & Hoelscher, 2012) had received 85 citations in Google Scholar, while the first 

substantive article analyzing the data (Buhaug & Urdal, 2013) had received 392 citations. 

4 Researchers should be aware that this trend could be driven by more frequent social disorder, increasing global 

media coverage of disorder events, or both. 
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Figure 2 here 

 

In Figure 2 we show plots of total events by region, and the location of each city in the dataset 

with an upward arrow showing increasing frequency of social disorder 1960-2014 or a 

downward arrow showing decreasing frequency. This graphic demonstrates that post-2000 

increases in global urban social disorder were driven by substantial growth in Asia, the Middle 

East and Africa, with more moderate increases in Europe and declines in Latin America. These 

trends reflect contemporaneous developments that we would expect to influence the frequency 

social disorder, for example the third wave of democratization in Latin America from the early 

1980s, ongoing conflict in the Middle East since 2001, and rapid urbanization in Asia in recent 

decades. 

 

Table I here 

 

We show the distribution of urban social disorder events across event types in Table I. Organized 

demonstrations are most frequent, making up 29.1% of the total. Armed attacks carried out by 

militant political or identity groups are the next most frequent (18.1%). The least frequent event 

types are inter-communal warfare (0.6%), pro-government demonstrations (1.5%) and organized 

violent riots (3.3%). A small fraction of events (0.6%) are categorized as ‘other’, including 

numerous cases of anti-Semitic or racist vandalism, a flour-bomb attack on members of the UK 

House of Commons, and multiple self-immolations. 

 

The share of each event type in total urban social disorder is not uniform across regions. 

Organized demonstrations are relatively frequent in Europe and North America. Armed attacks 

are most frequent in the Middle East and Africa but absent in Oceania – where spontaneous 

demonstrations are the dominant disorder category. In terms of absolute numbers, spontaneous 

violent riots are most frequent in Sub-Saharan Africa and Asia, while anti-government terrorism 

is relatively frequent in the Middle East and North Africa. Lethal urban social disorder events, 

which involved at least one death, made up 37% of the total globally are much more common in 

relative terms in the Middle East and Africa. 
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Figure 3 here 

 

The frequency of urban social disorder also varies dramatically across cities within regions. The 

mean number of events across all cities from 1960-2014 is 77, or 1.4 per year, but the 

distribution of events is right-skewed: the modal city saw only 50 total disturbances, while 14 

saw over 200. We mark the location of each city in the dataset with a circle illustrating total 

number of events in Figure 3. Baghdad saw the greatest number of events (472), followed by 

London (359), Beirut (337) and Paris (282). Naypyidaw, Luxembourg, Helsinki, Singapore and 

Abu Dhabi all saw fewer than five disturbances from 1960-2014. 

 

Illustrative analysis: City size, growth and urban social disorder across regions 

 

To illustrate how USD 3.0 can be used to gain new insights on unrest across space and time, we 

present a simple empirical analysis replicating and expanding upon Buhaug & Urdal’s (2013) 

empirical evaluation of the commonly held view that high demographic pressure constitutes a 

breeding ground for resentment and disorder in cities (e.g., Ehrlich, 1968; Gizewski & Homer-

Dixon, 1995; Walton & Ragin, 1990). Relying on the initial version of the USD data, their 

analysis was limited to 55 cities in Asia and Sub-Saharan Africa, 1960–2005. Here, we ask 

whether the results can be reproduced with new data and whether the results hold also outside the 

original sample of Asian and African cities. 

 

We begin by reproducing the results in Buhaug & Urdal (2013) using the original replication 

data. Due to space constraints, we focus on their main model specification (Model 1a in 

original), where the number of lethal urban disorder events by city-year is estimated as a function 

of core demographic, economic, and political factors via negative binomial (NB) regression with 

city fixed effects and a linear time trend (year-1959). The results, shown in Model 1 in Table II, 

are identical to those reported in the original article. Next, we estimate a similarly specified 

model for the same spatiotemporal sample using updated statistics for all variables. For the 

outcome, we replace the old disorder data with USD 3.0; city-level population statistics are 

derived from the UN (United Nations, 2018); regime type is from Polity V (Marshall & Gurr, 

2020); GDP per capita and economic shocks (specified as negative growth in GDP per capita 
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since t–1) are derived from Penn World Table (PWT) 10.0 (Feenstra, Inklaar & Timmer, 2015); 

and ongoing civil conflicts are from the UCDP/PRIO Armed Conflict Dataset (Pettersson & 

Öberg, 2020). Despite changing all indicators, and losing some observations due to missing data, 

the new replication model estimated for the same spatiotemporal domain returns substantively 

similar results for most variables (Model 2). Importantly, the weak statistical association between 

city population growth and prevalence of lethal social unrest is verified with the new data. 

Similarly, we reproduce the earlier result that lethal disorder events are more common in semi-

democracies, in countries with ongoing civil conflict, and during periods of economic 

contraction. The updated analysis suggests that level of development is less effective in curbing 

lethal unrest, although that may be as much because of differences in samples (the PWT data 

lack statistics on some country-years covered in the original analysis) and in any case, the 

difference between the GDP coefficients is in itself not significant. 

 

Having replicated and verified Buhaug & Urdal (2013), we assess whether a similar model 

drawing on the full geographic and temporal scope of USD 3.0 revises their conclusions. Our 

results suggest that this is indeed the case. In Model 3, we now find that city population size is 

positively and significantly associated with increased rates of urban disorder. However, changes 

in urban growth rates remain unassociated with the outcome. The model further reveals that the 

peaceful effect of democracy is much weaker in the global sample. Instead, evidence suggests a 

global autocratic peace, reflecting how authoritarian regimes often are ruthlessly effective in 

discouraging public dissent.  

 

As a third and final illustrative analysis, we investigate whether correlates of city-level social 

unrest vary across regions. To properly assess and compare the roles of static and slow-moving 

societal characteristics, we replace the fixed effects NB estimator with ordinary least squares 

with standardized coefficients and clustered standard errors and use a log-transformed version of 

the lethal event count as dependent variable. Across these different regional samples (Models 4–

8), we see several common patterns. For example, the frequency of lethal urban disorder events 

is much higher in populous cities, although the urbanization rate remains mostly irrelevant (Fox 

& Bell, 2016). Likewise, the models provide unequivocal evidence that civil conflict is strongly 

related to increased urban disorder, especially in cities in the most urbanized regions, Europe and 
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the Americas. Economic conditions also matter, with income levels being negatively associated 

with lethal unrest and economic shocks having a consistent positive effect. Lastly, we (again) 

note that autocratic regimes appear better equipped to avoid lethal urban social disorder than 

their democratic peers across all regions with a substantial presence of dictatorships. 

 

Conclusion 

 

Providing a global source of city-level data on political mobilization and violence events, USD 

complements existing datasets in important ways. It includes finer-grained information on a 

greater diversity of contentious events than the Cross-National Time-Series Data Archive (Banks 

& Wilson, 2020) and the Nonviolent and Violent Campaigns and Outcomes Data Project 

(Chenoweth & Lewis, 2013). The temporal scope of USD also is much broader than the Armed 

Conflict Location and Event Dataset (Raleigh et al., 2010), the UCDP Georeferenced Event 

Dataset (Sundberg and Melander, 2013), and the Social Conflict Analysis Database (Salehyan et 

al., 2012); several of which also lack coverage for several world regions. Given the strong 

urbanization trends and the growing salience of urban areas in economics and politics – 

particularly in developing regions – the global USD dataset offers unique opportunities to 

conduct policy-relevant research on new aspects of contentious politics. We end this data feature 

article by briefly considering three promising research avenues. 

 

First, much academic writing in recent years sheds light on contemporary patterns of democratic 

backsliding (Waldner & Lust 2018). In cities from Algiers to Yangon, pro-democracy protesters 

have been met with violent force, and populous countries including Brazil, India, and Turkey are 

descending down the democratic ladder. Much of this research focuses on institutional origins of 

democratic change. A central research gap is understanding under what political, socioeconomic, 

and contextual conditions urban social mobilization can curb authoritarian tendencies and inspire 

positive political change, and under what conditions it instead escalates tensions and contributes 

to further repression. Likewise, more research is needed to better understand the endogenous 
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relationship between political elections, mass mobilization, and state (re)action (Thomson et al., 

2021). 

 

Second, mounting concerns about climate change-related security risks have renewed focus on 

food price fluctuations as a potential trigger of social unrest (Thomson, 2019; von Uexkull & 

Buhaug, 2021). However, due to data limitations, recent empirical research typically focuses on 

Africa, which remains predominantly rural even today. With USD 3.0, researchers may, for the 

first time, investigate how food price shocks affect social stability across contexts at global scale, 

including the extent to which particular domestic food policies and external drivers of food 

prices shape urban mobilization in import-dependent societies. 

 

A third promising avenue for future research facilitated by the new data concerns links between 

social mobilization and broader forms of political conflict. As shown in the replication analysis 

above and by Thomson (2019a), ongoing civil conflict is a powerful predictor of lethal urban 

disorder. At the same time, the recent civil wars in Syria and Ukraine are prominent examples of 

conflicts that began as peaceful urban campaigns. What determines whether protests are likely to 

lead to concessions or trigger violent responses? And in the longer run, will urban mobilization 

replace rural insurgency as the dominant form of domestic conflict? With USD 3.0, scholars are 

better equipped than ever to study these questions. 
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The dataset, codebook and do-files for the empirical analysis in this article can be found at 

http://www.prio.org/jpr/datasets. All analyses were conducted using Stata. 
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Figure 1. Global monthly urban social disorder, 1960-2014 
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Figure 2. Urban social disorder by region, 1960-2014 
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Figure 3. Urban social disorder events by location and lethality 
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Table I. Urban social disorder by event type, lethality and region 

 

Asia Europe Latin America 

Middle East & 

N. Africa N. America Oceania 

Sub-Saharan 

Africa 

Global  

Total 

 N % N % N % N % N % N % N % N % 

General 

Warfare 166 5.0 78 2.7 75 3.6 60 2.3 0 0 0 0 142 6.5 521 3.9 

Inter-

Communal 

Warfare 46 1.4 4 0.1 6 0.3 14 0.5 0 0 0 0 12 0.6 82 0.6 

Armed 

Battle/Clash 118 3.5 22 0.8 47 2.2 190 7.4 3 1.0 0 0 150 6.9 530 4 

Armed Attack 580 17.4 343 12.0 349 16.6 550 21.5 25 8.6 2 6.3 562 25.9 2,411 18.1 

Pro-

Government 

Terrorism 143 4.3 20 0.7 153 7.3 70 2.7 3 1.0 1 3.1 88 4.1 478 3.6 

Anti-

Government 

Terrorism 218 6.6 472 16.6 247 11.8 573 22.4 35 12.0 4 12.5 215 9.9 1,764 13.2 

Communal 

Terrorism 184 5.5 149 5.2 76 3.6 316 12.3 38 13.0 3 9.4 19 0.9 785 5.9 

Organized 

Violent Riot 87 2.6 80 2.8 185 8.8 46 1.8 6 2.1 0 0 35 1.6 439 3.3 

Spontaneous 

Violent Riot 422 12.7 250 8.8 240 11.4 248 9.7 32 11.0 2 6.3 310 14.3 1,504 11.3 

Organized 

Demonstration 967 29.1 1,246 43.7 670 31.9 334 13.1 124 42.5 5 15.6 535 24.7 3,881 29.1 

Pro-

Government 

Demonstration 71 2.1 19 0.7 34 1.6 23 0.9 3 1.0 0 0 52 2.4 202 1.5 

Spontaneous 

Demonstration 322 9.7 117 4.1 13 0.6 126 4.9 16 5.5 14 43.8 42 1.9 650 4.9 

Other 0 0 49 1.7 5 0.2 9 0.4 7 2.4 1 3.1 6 0.3 77 0.6 

Total 3,324 100 2,849 100 2,100 100 2,559 100 292 100 32 100 2,168 100 13,324 100 

                 

Non-lethal 2,087 62.8 2,361 82.9 1,460 69.5 1,157 45.2 235 80.5 27 84.4 1,126 51.9 8,453 63.4 

Lethal 1,237 37.2 488 17.1 640 30.5 1,402 54.8 57 19.5 5 15.6 1,042 48.1 4,871 36.6 

Total 3,324 100 2,849 100 2,100 100 2,559 100 292 100 32 100 2,168 100 13,324 100 
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Table II. Correlates of urban social disorder across regions and specifications 

 (1) (2) (3) (4) (5) (6) (7) (8) 

 BU2013 

original 

BU2013 

replication 

Global 

replication 

Asia SSA MENA Europe Americas 

DV: 

Estimation: 

Lethal event count 

NB regression 

Ln(lethal event count) 

OLS regression 

         

Pop. growth 0.017 0.000 -0.009 0.002 -0.001 -0.001 0.014 -0.014** 

(0.012) (0.016) (0.011) (0.005) (0.003) (0.003) (0.008) (0.005) 

City pop. 0.001 0.037 0.241** 0.034** 0.038** 0.031* 0.067** 0.050** 

(0.084) (0.093) (0.045) (0.009) (0.011) (0.015) (0.012) (0.011) 

Democracy -0.324* -0.428** -0.082 -0.056 -0.040 -0.121 0.093* -0.019 

(0.138) (0.138) (0.074) (0.036) (0.027) (0.087) (0.042) (0.038) 

Autocracy -0.342** -0.267* -0.338** -0.064* -0.069** -0.228** -0.051 0.049 

(0.100) (0.112) (0.074) (0.030) (0.023) (0.063) (0.046) (0.049) 

GDP capita -0.248** -0.197 -0.101* -0.015 -0.032* 0.001 -0.046** -0.075** 

(0.096) (0.103) (0.043) (0.014) (0.013) (0.017) (0.014) (0.016) 

Ec. shock 0.220* 0.232** 0.251** 0.076* 0.042* 0.083* 0.029 0.073** 

(0.088) (0.089) (0.048) (0.032) (0.018) (0.039) (0.022) (0.027) 

Civil conflict 0.633** 0.507** 0.803** 0.201** 0.151** 0.225** 0.241** 0.387** 

(0.104) (0.109) (0.062) (0.032) (0.025) (0.058) (0.066) (0.062) 

Time 0.012* 0.013* -0.005* 0.001 -0.001 0.000 -0.002** -0.001 

(0.005) (0.005) (0.002) (0.001) (0.001) (0.002) (0.001) (0.001) 

Lag DV 0.120** 0.111** 0.045** 0.391** 0.232** 0.537** 0.292** 0.207** 

(0.015) (0.019) (0.003) (0.037) (0.034) (0.042) (0.041) (0.038) 

Constant 0.835 0.383 -1.601** -0.050 0.159 0.033 0.043 0.501** 

(0.873) (1.031) (0.436) (0.117) (0.117) (0.181) (0.158) (0.138) 

         

Obs 2,185 1,830 6,969 1,480 1,909 894 1,454 1,350 

Avg. disorder 0.60 0.56 0.56 0.60 0.38 1.39 0.27 0.48 

R-squared - - - 0.266 0.138 0.462 0.248 0.216 

Note: Anocracy is the base regime category. Models 1–3 show negative binomial regression 

coefficients (models include city fixed effects); Models 4–8 show standardized OLS regression 

coefficients. Robust standard errors in parentheses; ** p<0.01, * p<0.05. 
 

 


